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The Model to Analyses of Node Importance Order Structure Evolution
Based on Network Hyperlink Information Entropy
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Abstract: In the time evolution of dynamic complex networks, the intra-layer interaction relationship and inter-layer
coupling relationship of the importance of network nodes can be more accurately analyzed for the evolution of the node or-
der structure of the time ordered networks. In this paper, a model of node importance order structure evolution based on net-
work hyperlink information entropy is proposed. Through the results of the importance ranking of node hyperlink informa-
tion entropy within the temporal network layer, the importance ranking model of nodes in the adjacent temporal layer and
across temporal layers of the temporal network is analyzed. The entropy of node hyperlink information summarizes the cou-
pling effect of similarity between adjacent temporal layers and inter-temporal layers. An empirical network simulation was
conducted to check the node propagation efficiency by SIR(Susceptible Infected Recovered) model. Compared with the clas-
sical temporal network model, the Kendall s t value of this model was improved in all time layers, with the highest value
of 11.310%.
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